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IMAP 2022 Events

Portfolio Management Conference
10t March — Perth

15t March — Sydney

22t March — Melbourne

FPA Congress — Managed Account Central
7t/8th April — Sydney

Independent Thought Conference
12th April — Sydney

Adviser Roadshow
14t June — Melbourne
16t June — Sydney
215t June — Brisbane
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Using Artificial Intelligence
and Machine Learning in
Portfolio Management

James Yang — Coolabah Capital



What is Artificial Intelligence (Al)?
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Al is a software tool that optimises an objective

Often this is translated to obtaining the best prediction
possible

Al can range from simple tools to highly complex systems
E.g. google maps, search engine, image recognition, self-

driving car
There has been a big shift lately in Al due to the abundance
of data
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Al Ingredients

Machine Learning

Data

- Accessibility to Big Data
- Quality of Data

- Regression, Neural Nets,
etc.

- Model Validation

Domain Knowledge

- Understanding the
problem

- Idiosyncrasies of the space

- Use/Misuse of models




Where is Al in Fixed Income?

Electronic platforms enable Al-based algorithmic/quant trading

Australia:
* Nearly all OTC credit is not traded electronically

* Price and volume data is very opaque and monopolized by Austraclear.
* Exception is ASX-listed hybrid debt

Europe/USA:

* Timely and transparent price and volume data from clearing houses.
* In Europe more than 50% of flow is through electronic platforms

Looking forward in Aus: There has been a shift to electronic
platforms such as Yieldbroker, MarketAxess and Tradeweb. Data
s still an issue!



How does Al fit into Coolabah?

* Investment Team:
* Portfolio management team: 6 portfolio managers/traders

* Credit research team: 7 credit analysts

* Benefits of having an in-house data science team:
* Proprietary models
* Speed and agility
* Models adapted to our views
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: Our bread and butter
Identify cheap and expensive bonds to extract alpha
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Example 2: CreditAl Model

Goal: Predict the S&P ‘Stand-Alone Credit Profile’ of a company

using the company financial data.
Collaboration between Credit Research and Data Science teams.

The predicted rating is a component of our pricing models.
The model is often a catalyst for the credit research team to

investigate a company further.

Ratings Over Time Issuer
Rating Type

(Predicted_SACP,General Electric Company)

® (SACPGeneral Electric Company)

ZU1%9 2020
Rating Date



Example 3: Predicting War

* Goal: To create an accurate, parsimonious and robust model to forecast
the probability of conflict and war.
e URL: predictingwar.com
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The Challenge of the Information Age

Today

Trade latency Minutes Seconds Milliseconds

Number of U.S. corporate

- <500 <2500 >5000
filings per day

Number of financial indices <1000 <10,000 > 3 million
% of vol ted

of vo f.lme execute o ., o
by algorithms
: Machine readable, Machine readable, Unstructured,
Commercial databases )
small large massive

“More data has been created in the last two years than in
the entire course of human history” - /BM Marketing Cloud

2 Plato



Can you trust accounting numbers?

ACCOUNTING MANIPULATION: RETURN ON EQUITY (ROE) %
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“Manipulation is rife, particularly in emerging markets”
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The Good, the Bad, and the Ugly

FORENSIC ACCOUNTING METHODS
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Gauging sentiment

NATURAL LANGUAGE PROCESSING AND EARNINGS CALLS
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NATURAL LANGUAGE PROCESSING APPLIED TO EARNINGS
CALL TRANSCRIPTS

TONE MEASURED USING GOOGLE'S WORD EMBEDDING
ALGORITHM: WORD2VEC

CALLS SPLIT INTO MANAGEMENT DISCUSSION AND Q&A
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“~25,000 earnings calls analysed each year”
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