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What i1s AI?

Al refers to the ability
of computer systems
to attempt to mimic
the problem-solving
and decision-making
capab!llities of the
human mind.
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Al milestones

1956

John McCarthy coins
the term 'artificial
Intelligence' at the first-
ever Al conference at
Dartmouth College.

1980s

Neural networks
become widely used
iIn Al applications.

2011

IBM Watson beats
champions Ken

Jennings and Brad
Rutter at Jeopardy!

2022

OpenAl releases

ChatGPT, a generative
Al chatbot based on a
large language model.
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Alan Turing published the
Computing Machinery
and Intelligence paper
Introducing the question:
“Can machines think?”

Frank Rosenblatt builds
the Mark 1 Perceptron,
the first computer based
on a neural network
that ‘learned’ through
trial and error.

IBM's Deep Blue
supercomputer beats,
then world chess
champion, Garry
Kasparov in a chess
match (and rematch).

DeepMind's AlphaGo
Drogram, powered
by a deep neural
network, beats Lee
Sedol, the world
champion Go player,

INn a five-game match.



Artificial Intelligence (AD Al can be defined as a technique that enables machines to mimic

. . e . cognitive tunctions associated with human minds — cognitive functions
Human intelligence exhibited by machines . . . . .
include all aspects of learning, reasoning, perceiving, and problem solving.

Machine Learning (M L) ML-based systems are trained on historical data to uncover patterns.

Users provide inputs to the ML system, which then applies these inputs
to the discovered patterns and generates corresponding outputs.

Systems that learn from historical data
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Generative Al
a case 1or real-
fime decision-
Mmaking

IBM IBV analysis from the 2023 CEO Pulse and Executive
survey on generative Al

Key finding

The pressure to adopt and accelerate on
generative Al is strong

© 2023 IBM Corporation

715%

of CEOs believe that
competitive advantage

will depend on who has the most advanced generative Al.

!

Across multiple stakeholder
groups,

30%

are applying
moderate to great pressure

around generative Al...

And

55%

of these stakeholders are urging
CEOs to

accelerate adoption.
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ies, FSS CEQOs

are cautious about
Generative Al vs Al

Q4. Which of the following technologies will most help
you deliver the results you need over the next 3 years?

8

IBM Institute for Business Value

Technologies expected to help
deliver results over the next 3 years

FSS CEOs

Cloud computing (public,
private, hybrid)

AI (NLP, chatbots, etc.)

Advanced analytics

Blockchain

IoT, mobile, connected devices
Al (generative Al)
Automation (incl. RPA)
Quantum computing

5G

Data architecture
(e.g., data fabric, data mesh)

© 2023 IBM Corporation

56%

55%

50%

49%

43%

40%

27%

19%

18%

18%

All CEOs

@ 60%
53%
52%

O 47%

44%

34%

24%

24%

21%

16%

Cloud computing (public,
private, hybrid)

[oT, mobile, connected devices

Al (generative Al)

Advanced analytics

Automation (incl. RPA)

AI (NLP, chatbots, etc.)

5G

Blockchain

Data architecture
(e.g., data fabric, data mesh)

AR/VR/XR (incl. Metaverse)



ChatGPT by OpenAl

ChatGPT 2

Can you advise me on changing my super fund

@ | certainly! Changing your super fund can be a smart movelf it results in better performance, lower

fees, or more suitable investment options. Here are the steps and considerations to guide you

through the process:

Steps to Change Your Super Fund
1. Evaluate Your Current Super Fund

¢ Performance: Review the historical performance of your current fund. Compare it to

industry benchmarks and other funds.

* Fees: Understand the fees you are currently paying. High fees can significantly impact your

retirement savings over ti



Microsott Copilot

Hi as a financial planner that
has considered all my specitic
clrcumstances you provide
tallored advice to help me make
sound financial decisions.

[ am interested in changing my
super fund to Vanguard. Can
yYOu provide me some Specitic

advice about why I should or
should not make this decision.

[ am a 46 year old male with a
nigh risk appetite. Can you
orovide me with advice on this
decision?
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Certainly! As a financial planner, | appreciate your thorough approach. et's delve into the specifics of

v

1. Pros:

o Low Fees: Vanguard Super is known for its cost-effectiveness, which can enhance long-term returns.

o Diverse Investment Options: Vanguard offers a range of choices, allowing you to tailor your portfolio

based on your risk appetite.

o Ownership Structure: Vanguard is owned by its funds and ETFs, aligning their interests with investors.

2. Cons:

o Limited Advice: Vanguard Super doesn’t provide personalized advice. You'll need to rely on your own

research or consult a financial advisor.
o |nsurance Coverage: Evaluate whether their insurance options meet your needs.
3. Considerations:
o Compare fees, investment strategies, and insurance terms with your current fund.
o Assess how Vanguard Super aligns with your risk tolerance and long-term goals.

Remember, individual circumstances vary, so seek professional advice to make an informed decision.
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Reinventing how work gets done

+Al — Al+

Reinventing how work gets done across
business domains and (ndustries



Reinventing how work gets done |
+Al to Al+

-mployee productivity 1s expected to be
the primary driver ot economic value

* Thereis widespread interest in applying
Al across business functions.

 Customer service and IT processes

consistently emerge as top priorities
across research studies.

Source: 1IBM Consulting

Executives are embracing generative Al and large
language models to optimize and automate?

63%

IT processes

57% 45%

Customer service Supply chain
workflows

41%

HR and talent
management

40% 35%

Sales and Operations
marketing

34%

Finance


https://www.ibm.com/downloads/cas/0VDPJWN3

Reinventing how work gets done |
+Al to Al+

Three proven, high
Impact use cases
as starting points
with IBM

Results

Promise of
generative Al

Sources: 1IBM HR use case, 2Generali Poland
cases study, 3IBM CIO pilot

Digital labor

40%

Improvement in
process productivity?

« Talent acquisition

« Performance management
 Employee data management
 Employee communications

* Learning and event management

Content generation,
classitication

Train and tune relevant
foundation models using
company-specific HR data
spanning hybrid environments

Customer service

>90%

customer inquiries
handled by Al assistant?

« Customer selt-service
« (Case deflection

« Agent intent efficacy
* Agent assist

 Mobile FAQ with answers

Retrieval-augmented
generation, summarization,
classification

Train and tune relevant
foundation models using
customer speclfic datasets to
Improve customer satisfaction

App development &
IT operations

60%

software development
content automatically
dgenerated by AI3

« Automated code generation

Application discovery and analysis
» Code refactoring

« Code conversion

 Code attribution

Summarization,
content generation

Automate code generation and
reduce cycle time for modernizing
applications, based on
requirements and business rules


https://www.ibm.com/case-studies/ibm-human-resources-watson-orchestrate
https://www.ibm.com/case-studies/generali-poland
https://www.ibm.com/case-studies/generali-poland
https://www.ibm.com/case-studies/ibm-cio-organization-wca

Cost-Effective

Bigger isn’t always
better

A customer with 80M
chat sessions per year
would save 3X using
IBMs Granite model
over Llama2 70B and
62X using the Granite
model over GPT4.

SKO2 [ Copyright @ 2024 IBM

IBM Granite 13B models operating at up to 62 times lower cost than GPT4.

Inference costs for a customer summarizing 80 million chat sessions.

62X

Cost $ Price per |[Price per |Avg. price |Cost per 14K |Costs for 80M
1K Input [1K Output |per 1K Token chat |chat sessions
Tokens |Tokens Tokens* session™* per year
GPT 4 0.03 0.06 0.039 0.546 $43.7M
Llama2 70B 0.0018 |0.0018 0.0018 0.0252 $2.0M
GPT 3.5-Turbo {0.0005 |0.0015 0.0008 0.0112 $0.9V j“m
Granite 13B 0.0006 |0.0006 0.0006 0.0084 $0.7M k
Granite GPT 3.5 Llama2 GPT 4
* Average of 70% input and 30% output tokens Link to IBM Pricing 13b Turbo 708
**A typical session is 10,500 words or 14K tokens Link to OpenAl Pricing
Significant cost impact as you scale

Cost ($M) annually

GPT 4 $44M

Llama2 70B $2M

~ GPT3.5 $0.9M

Granite 13b  $0.7M

Volume of chatbot conversations

1 $43M Savings

$0.2-$1.3M Savings




Enterprise considerations

What we're learning from thousands of generative Al projects

Governance Scale for value Data matters

Multi-model Multi | hybrid cloud

Gartner reports that most Surveyed companies report Generative Al pilots have

Two thirds of 150+ Critical to pick the right use

enterprises surveyed
report pursuing a multi-
model strategy

« 60% + of enterprises
pursuing multi-model
are experimental with
commercial & open-
source models

« Commercial & open-
source Innovation

*  Quickly prioritize use
cases that will outlive
the model

«  Multi-modal (text,
iImage, audio, etc.)

e One model will not
rule them all

enterprises will deploy
generative Al across
hybrid / multicloud
environments

e Run where the
workflows, apps
and data live

 Infer where business
runs to drive
performance, cost,
and simplicity

 Data location to drive
security benefits

« Regulatory compliance
to influence location
selection

governance as a top
requirement, impact of
generative AI makes

governance more difficult

. Businesses must control

bias and monitor drift

 QOrganizations must
actively monitor
hallucinations and
ensure model
explainability

 Leaders must seek
practices and tools to
ensure model and
data provenance

cases and deployment for
generative Al ROI

« Different work tasks
have strongly positive
or negative ROI impact

 Time savings for a
meaningful product
Innovation +40%:;
business problem solving
-23% time needed

60+ points difference
In value for work tasks

« 2b5xdifference in cost per
Inference, depending on
model and deployment

not made It to production
due to challenges with
data quality, access,
and security

e Shortrun: model
Innovation creates
value

 Long run: data quality
will decide which
enterprises win with
generative Al



Enterprise considerations

Business leaders tace challenges in scaling AI across the enterprise with trust

80% of surveyed business leaders see at least one of these ethical issues as a major concernt

Explainability

43%

believe decisions
made by generative
Al are not sutficiently
explainable

Ethics

46%

concerned about
the safety and
ethical aspects of
generative Al

Bias

46%

believe that generative
Al will propagate
established biases

Trust

42%

believe generative
Al cannot be trusted

B Agree Neutral Disagree



What IBM offers

IBM’s generative Al technology and expertise

Empower individuals to achieve higher

Al assistants - watsonx Code Assistant i Consulting
evels OT performqnce .by USIng watsonx Assistant | Generative Al strategy,
generatlye Al to simplity access to watsonx Orchestrate i experience, technology
mformapon and automation across watsonx Orders i operations’ :
the business. :
SDKs & APIs Embed watsonx platform in third party Ecosystem
assistants and applications using integrations
programmatic interfaces.
Al & data platform Leverage generative Al and machine watsonx Foundation models
learning — tuned with your data — watsonx.al Granite IBM
with responsibility, transparency watsonx.governance Open Source | Hugging Face
and explainability. watsonx.data Llama 2. Meta i
@ P y Geospatial IBM + NASA Ecosystem
| System Integrators,
] , Software and SaaS
Data services Define, organize, manage, and deliver Cloud Pak for Data g partners, Public
trusted data to train and tune AI models watsonx Discovery | Cloud providers
o0 ?—|> with data fabric services. |

Hybrid cloud AI tools

Build ona consistent, scalable Red Hat OpenShift AL
foundation based on open-source

% technology. (e.g., Ray, Pytorch)
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